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This study examines the extent to which Japanese university EFL learners adopt AI-generated 

feedback on linguistic form and usage during revision and whether these changes carry over to next-day 

rewriting. Using generative AI to identify each suggestion’s uptake across versions, we quantify within-

session adoption and next-day carryover, with the latter serving as an indicator of short-term retention. 

As generative AI becomes widespread, a growing body of research has examined AI-generated 

linguistic feedback’s role in EFL writing. However, research tends to focus on either (a) within-session 

adoption of AI feedback during revision (e.g., Cengiz et al., 2025) or (b) learning outcomes such as 

improved writing performance (e.g., Shi et al., 2025). Few studies connect these two strands by 

examining whether changes prompted by AI feedback persist beyond revision as evidence of learning. 

This study addresses this gap by leveraging a process-oriented dataset that includes next-day rewriting 

and reports preliminary findings on both within-session adoption and next-day carryover. We address 

two research questions: (1) To what extent are suggestions from accuracy-focused and fluency- and 

formality-focused AI feedback adopted during revision? (2) To what extent do revisions made in 

response to AI feedback carry over to next-day rewriting? 

Six Japanese university students completed ten English writing sessions, conducting one session per 

day at home. Figure 1 summarizes the overall workflow of each writing session and the next-day 

rewriting task. 

 

Figure 1. Flow of a writing session and next-day rewriting. 

Participants used a custom-developed writing platform that generates feedback via the OpenAI API 

(GPT-4o) and automatically logs the writing process, including drafts, AI feedback, and learner–AI 

Q&A. In each session, learners produced an initial draft (Draft0) on a given topic, received accuracy-

focused feedback, and revised the draft (Draft1). They then received fluency- and formality-focused 

feedback and revised again (Draft2). Learners could ask questions via the platform’s interface to clarify 
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AI feedback. The next day, learners rewrote on the same topic to reproduce Draft2 as closely as possible 

(to estimate carryover), and then completed the day’s session on a new topic. In alternating sessions, 

learners also completed a shadowing activity (repeating while listening) using TTS-generated audio 

based on their revised text. Both learner–AI Q&A logs and the shadowing recordings were collected but 

fall outside the present analyses’ scope. 

To support future larger-scale analyses, we used OpenAI’s GPT-5.2 model to assign uptake labels to 

individual feedback suggestions (e.g., Adopted, Not adopted) based on comparison with the subsequent 

draft. The model also generated brief rationales for each label to support human verification. A human 

reviewer manually audited one session from each of the six participants; 94.6% of the AI-assigned 

uptake labels were accurate. Across sessions, learners adopted 80.2% of suggestions from accuracy-

focused feedback (Draft0→Draft1) and 67.7% of suggestions from fluency- and formality-focused 

feedback (Draft1→Draft2). Among the revisions made by adopting these suggestions, 34.1% of 

accuracy-focused revisions and 38.1% of fluency- and formality-focused revisions were retained in 

next-day rewriting, suggesting that feedback-driven revisions may result in short-term retention—and 

potentially learning gains—beyond within-session edits. 

This study presents a feasible learner-corpus workflow that integrates AI-mediated learning logs and 

AI-assisted coding to quantify within-session adoption and next-day carryover. This approach is scalable 

and can support an expanded sample in the next phase of this paper. We also plan to explore AI-based 

finer-grained categorization of feedback types and outcomes. 
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